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Abstract

In this paper, the fuzzy linear regression was used to predict the provision for
outstanding compensation in the Egyptian insurance companies in three models: The first
model: The first model: a fuzzy regression model with a fuzzy response variable, fuzzy
parameters and deterministic explanatory variables Crisp(Tanaka), the second model: a
fuzzy regression model with a variable Fuzzy response, deterministic parameters and
fuzzy explanatory variables (Tanaka modified), the third model: a fuzzy regression model
with a fuzzy response variable, fuzzy parameters and fuzzy explanatory variables
(FLSLR). A comparison will be made between the three models of estimation to clarify
the efficiency of each of these models, and the law of relative efficiency has been relied
on as a statistical criterion. The model have been applied to actual data obtained from the
Financial Commission for Insurance Supervision for direct operations of all branches
from the financial period 2003/2004 to 201%/20Y+.
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